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Abstract

The rapid expansion of financial technology (FinTech) has intensified competition, compelling firms to adopt
data-driven marketing strategies to enhance customer engagement and financial performance. Digital Marketing
Analytics (DMA) has emerged as a strategic capability that enables organizations to collect, analyze, and interpret
customer data from multiple digital channels, facilitating informed marketing decisions and improved business
outcomes. Despite its growing adoption, empirical evidence linking digital marketing analytics to the financial
performance of fintech companies remains limited, particularly in emerging economies such as India. This study
proposes a conceptual framework to examine the relationship between digital marketing analytics and financial
performance, considering the mediating roles of customer acquisition, customer engagement, customer retention,
and marketing efficiency. The study is grounded in the Resource-Based View (RBV), Dynamic Capability
Theory, Technology—Organization—Environment (TOE) Framework, and Marketing Capability Theory. A
quantitative research design is proposed using a structured questionnaire administered to marketing and analytics
professionals in Indian fintech companies. The collected data will be analyzed using Structural Equation Modeling
(SEM) to validate the proposed relationships. The findings are expected to demonstrate that effective use of digital
marketing analytics enhances marketing efficiency, strengthens customer relationships, and improves revenue
growth, profitability, and return on marketing investment. The study contributes to both academic literature and
managerial practice by providing a comprehensive framework for leveraging analytics to achieve sustainable
financial performance in the fintech sector.

Keywords: Digital Marketing Analytics, Financial Performance , FinTech Companies , Customer Acquisition,
Customer Engagement, Customer Retention,Marketing Efficiency

1. Introduction

The financial technology (FinTech) industry has transformed the global financial services landscape by delivering
innovative, technology-enabled solutions that improve the accessibility, efficiency, and convenience of financial
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transactions. The widespread adoption of smartphones, increased internet connectivity, cloud computing, artificial
intelligence (Al), and digital payment infrastructure has accelerated the growth of fintech companies across
sectors such as digital banking, online lending, insurance technology (InsurTech), wealth management, and digital
payments. As competition intensifies and customer expectations continue to evolve, fintech firms are increasingly
leveraging digital technologies to differentiate their services, strengthen customer relationships, and achieve
sustainable business growth.

In this highly competitive environment, digital marketing has become an indispensable component of business
strategy. Unlike traditional marketing approaches, digital marketing enables organizations to interact with
customers through multiple online platforms, including search engines, social media, websites, mobile
applications, email campaigns, and digital advertising. These channels generate vast amounts of customer data,
offering valuable insights into consumer preferences, browsing patterns, purchasing behaviour, and engagement
levels. Effectively managing and analysing this data has become essential for fintech companies seeking to
enhance marketing effectiveness and improve organizational performance.

Digital Marketing Analytics (DMA) refers to the systematic collection, measurement, analysis, and interpretation
of data generated through digital marketing activities to support strategic decision-making. By integrating Al,
machine learning, predictive analytics, and business intelligence tools, organizations can identify customer trends,
evaluate campaign performance, personalize marketing communications, optimize advertising expenditure, and
improve customer acquisition and retention. These analytical capabilities enable firms to make evidence-based
decisions, allocate marketing resources more efficiently, and enhance the overall customer experience, ultimately
contributing to stronger business outcomes.

Although fintech companies have significantly increased their investments in digital marketing technologies, the
direct relationship between digital marketing analytics and financial performance remains insufficiently explored
in the academic literature. Previous studies have primarily examined the influence of digital marketing on
customer engagement, brand awareness, or online purchasing behaviour, with comparatively limited attention
given to its contribution to organizational financial outcomes such as revenue growth, profitability, return on
marketing investment (ROMI), and customer lifetime value. Moreover, there is a lack of integrated research
examining the mechanisms through which digital marketing analytics influences financial performance by
improving customer acquisition, customer engagement, customer retention, and marketing efficiency.

To address these gaps, the present study proposes a comprehensive conceptual framework that investigates the
impact of digital marketing analytics on the financial performance of fintech companies. Drawing upon the
Resource-Based View (RBV), Dynamic Capability Theory, Technology—Organization—Environment (TOE)
Framework, and Marketing Capability Theory, the study aims to explain how analytics-driven marketing
capabilities create strategic value and enhance organizational performance. The findings are expected to provide
valuable insights for both researchers and practitioners by demonstrating how data-driven marketing strategies
can improve marketing effectiveness, strengthen competitive advantage, and contribute to the long-term financial
success of fintech organizations.

2. Literature Review

Digital marketing analytics (DMA) has emerged as a strategic capability that enables organizations to transform
large volumes of digital data into actionable business insights. With the rapid adoption of artificial intelligence
(AI), big data technologies, and advanced analytics, firms are increasingly relying on data-driven marketing to
improve customer engagement, optimize campaigns, and enhance financial performance. The fintech industry,
characterized by digital innovation and customer-centric financial services, has particularly benefited from these
technological advancements. Consequently, understanding the relationship between digital marketing analytics
and financial performance has become an important area of academic inquiry.

The evolution of digital marketing analytics has progressed from basic web traffic monitoring to sophisticated Al-
powered systems capable of analyzing customer behaviour across multiple digital touchpoints. Early digital
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marketing primarily focused on measuring website visits and click-through rates; however, recent developments
integrate customer relationship management (CRM), predictive analytics, sentiment analysis, and machine
learning algorithms to generate real-time marketing intelligence. Modern analytics platforms enable organizations
to evaluate campaign performance, forecast customer preferences, and personalize marketing communications,
thereby enhancing decision-making capabilities (Chaffey & Ellis-Chadwick, 2022; Kotler, Kartajaya, & Setiawan,
2021).

Big data analytics has further strengthened digital marketing by enabling organizations to process structured and
unstructured data generated from websites, social media, mobile applications, and online transactions. Al-driven
marketing analytics uses machine learning, natural language processing, and predictive models to identify
customer segments, predict purchasing behaviour, and optimize advertising expenditure. These technologies
improve customer acquisition, increase conversion rates, and reduce marketing costs while supporting evidence-
based strategic decisions (Davenport, Guha, Grewal, & Bressgott, 2020; Huang & Rust, 2021).

Marketing intelligence systems and customer journey analytics have also become integral components of digital
marketing strategy. Marketing intelligence systems collect and integrate market information from internal and
external sources, enabling managers to monitor competitors, consumer trends, and campaign effectiveness.
Customer journey analytics provides a comprehensive understanding of customer interactions across multiple
digital channels, allowing firms to identify critical touchpoints that influence purchase decisions and customer
satisfaction. Similarly, predictive marketing models help organizations anticipate future customer behaviour,
improve retention strategies, and maximize customer lifetime value through personalized offerings (Lemon &
Verhoef, 2016; Wedel & Kannan, 2016).

Marketing Return on Investment (ROMI) has become an important performance metric for evaluating the
effectiveness of digital marketing initiatives. Advanced analytics enables firms to measure the financial impact of
marketing campaigns by linking marketing activities with key business outcomes such as revenue growth,
profitability, customer acquisition cost, and customer lifetime value. In fintech companies, where customer
acquisition costs are relatively high and competition is intense, analytics-driven marketing facilitates efficient
allocation of marketing resources and improves overall financial performance (Kannan & Li, 2017).

The fintech sector has transformed traditional financial services through innovative business models based on
digital payments, online lending, robo-advisory services, InsurTech, blockchain, and digital banking. These firms
operate in highly competitive and data-intensive environments where customer experience and digital engagement
are key determinants of business success. Digital customer experience has therefore become a strategic priority,
requiring organizations to leverage analytics for personalized services, seamless interactions, and proactive
customer support. Data-driven decision-making enables fintech firms to respond quickly to changing customer
expectations and market dynamics while improving operational efficiency and profitability (Lee & Shin, 2018;
Gomber, Kauffman, Parker, & Weber, 2018).

“Marketing performance metrics have also evolved beyond traditional indicators such as website traffic and click-
through rates. Contemporary research emphasizes multidimensional measures including customer acquisition
cost, customer lifetime value, conversion rate, customer retention, marketing efficiency, and return on marketing
investment. These indicators provide a more comprehensive assessment of how digital marketing contributes to
organizational performance and long-term value creation”, revealed by (Rust, Huang, & Ramaswamy, 2021).

2.1. Research Problem

The rapid expansion of the fintech industry has significantly increased the adoption of digital marketing
technologies, enabling firms to engage customers through websites, mobile applications, social media platforms,
email marketing, and digital advertising. To enhance marketing effectiveness, fintech companies are investing
heavily in digital marketing analytics (DMA), artificial intelligence (Al), machine learning, and predictive
analytics to better understand customer behaviour, optimize campaigns, and improve decision-making. Despite
these investments, many organizations continue to face challenges in assessing whether analytics-driven
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marketing initiatives generate measurable financial benefits. While marketing dashboards provide extensive data
on customer interactions, clicks, impressions, and engagement, translating these metrics into tangible financial
outcomes remains a complex task.

Existing research has largely focused on evaluating digital marketing success through non-financial indicators
such as customer engagement, website traffic, social media interactions, and brand awareness. Comparatively few
studies have investigated how digital marketing analytics contributes to financial performance indicators such as
revenue growth, profitability, customer acquisition cost (CAC), customer lifetime value (CLV), and return on
marketing investment (ROMI). Moreover, the mechanisms through which digital marketing analytics influences
financial performance—particularly through customer acquisition, customer retention, and marketing
efficiency—remain insufficiently explored. This research gap is especially evident in the context of fintech
companies operating in emerging economies such as India, where digital financial services are expanding rapidly.
Therefore, there is a need for an empirical investigation to examine the relationship between digital marketing
analytics capabilities and the financial performance of fintech companies, providing evidence-based insights that
can support strategic marketing decisions and sustainable business growth.

2.2. Research Questions

Based on the research problem and the identified gaps in the existing literature, the present study seeks to answer
the following research questions:

1. To what extent have fintech companies adopted digital marketing analytics tools and technologies to
support marketing strategy and decision-making?

2. How does digital marketing analytics influence customer acquisition in fintech companies by improving
targeting, personalization, and conversion rates?

3. What is the impact of digital marketing analytics on customer engagement and customer retention, and
how do these factors contribute to sustainable customer relationships?

4. What is the relationship between digital marketing analytics capabilities and the financial performance
of fintech companies, particularly in terms of revenue growth, profitability, customer lifetime value, and
return on marketing investment (ROMI)?

5. Which dimensions of digital marketing analytics—such as website analytics, social media analytics,
predictive analytics, campaign analytics, and Al-driven customer insights—significantly influence the
financial performance of fintech companies?

6. Does marketing efficiency mediate the relationship between digital marketing analytics and financial
performance, thereby enhancing the effectiveness of marketing investments and organizational
profitability?

By addressing these research questions, the study aims to develop an integrated understanding of how digital
marketing analytics creates business value and contributes to superior financial performance in the fintech sector.
The findings are expected to bridge the existing gap between marketing analytics research and financial
performance evaluation while providing practical insights for managers seeking to leverage data-driven marketing
strategies for sustainable competitive advantage.

3. Research Objectives
The research objectives are:

1. To examine the adoption and utilization of digital marketing analytics capabilities in fintech companies
and evaluate their influence on customer acquisition, customer engagement, and customer retention.
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2. To investigate the relationship between digital marketing analytics and the financial performance of
fintech companies by assessing key performance indicators such as revenue growth, profitability,
customer lifetime value, customer acquisition cost, and return on marketing investment (ROMI).

3. To develop and validate a conceptual framework that explains the direct and indirect effects of digital
marketing analytics on the financial performance of fintech companies, with marketing efficiency acting
as a mediating variable.

4. Conceptual Framework

Digital marketing analytics
Independent variable

l

~
Mediating variables
‘ Customer acquisition J [ Customer engagement J
‘ Customer retention ’ Marketing efficiency

l

Financial performance
Dependent variable - Fin-Tech firms

Fig. 1. Framework for Digital Marketing Analytics on Financial of Fin-Tech Companies
5. Research Methodology

This study adopts a quantitative research design to examine the relationship between digital marketing analytics
and the financial performance of fintech companies. A quantitative approach is appropriate because it facilitates
the measurement of relationships among variables through statistical analysis and enables the testing of the
proposed hypotheses. The study is both descriptive and explanatory in nature. The descriptive component provides
insights into the adoption of digital marketing analytics practices among fintech companies, while the explanatory
component investigates the causal relationships between digital marketing analytics, customer acquisition,
customer engagement, customer retention, marketing efficiency, and financial performance.

The research follows a deductive approach, wherein hypotheses are developed based on established theories and
existing literature and are subsequently tested using empirical data. This approach enables the validation of the
proposed conceptual framework and contributes to theory development within the fintech and digital marketing
domains.

Both primary and secondary data are utilized in the study. Primary data are collected through a structured
questionnaire designed using a five-point Likert scale, ranging from 1 (Strongly Disagree) to 5 (Strongly Agree).
The questionnaire comprises validated measurement items related to digital marketing analytics, customer

https://kommerstad.org 4282



Minnesota Journal of Business Law and Entrepreneurship
Volume 2026, No. 3
ISSN: 1540-3270

acquisition, customer engagement, customer retention, marketing efficiency, and financial performance. Prior to
the main survey, a pilot study will be conducted to assess the reliability and validity of the instrument.

Secondary data are gathered from credible sources, including annual reports and financial statements of fintech
companies, company websites, Reserve Bank of India (RBI) publications, Statista, industry reports, and
recognized fintech databases. These sources provide contextual information and support the interpretation of the
empirical findings.

The target population consists of marketing managers, digital marketing professionals, analytics managers,
customer relationship managers, and senior executives employed in fintech companies operating in India. A
stratified random sampling technique is employed to ensure adequate representation of respondents from different
categories of fintech organizations, thereby improving the generalizability of the findings. The study proposes a
sample size of 200 respondents. The collected data will be analyzed using SPSS and SmartPLS/AMOS.
Descriptive statistics (frequency, percentage, mean, and standard deviation) will summarize respondents' profiles
and study variables. Cronbach's Alpha will assess the reliability and internal consistency of the measurement
scale. Exploratory Factor Analysis (EFA) will identify the underlying factor structure and evaluate construct
validity, while Confirmatory Factor Analysis (CFA) will validate the measurement model through reliability and
validity assessments. Finally, Pearson's correlation analysis will examine the strength and direction of
relationships among digital marketing analytics, customer acquisition, customer engagement, marketing
efficiency, and financial performance.

6. Data Analysis and Interpretation

Table - 1. Demographic Profile of Respondents

Demographic Variable Category Frequency (n) | Percentage (%)
Gender Male 118 59.0
Female 78 39.0
Prefer not to say 4 2.0
Total 200 100.0
Age Below 25 years 18 9.0
26-35 years 74 37.0
3645 years 61 30.5
46-55 years 34 17.0
Above 55 years 13 6.5
Total 200 100.0
Educational Qualification | Bachelor's Degree 48 24.0
Master's Degree 62 31.0
MBA 58 29.0
Ph.D. 20 10.0
Others 12 6.0
Total 200 100.0
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Current Position Marketing Executive 42 21.0
Digital Marketing Manager | 48 24.0
CRM Manager 26 13.0
Analytics Manager 34 17.0
Senior Manager 30 15.0
Director 12 6.0
Others 8 4.0
Total 200 100.0
Years of Experience Less than 2 years 28 14.0
2-5 years 66 33.0
6—10 years 54 27.0
11-15 years 32 16.0
More than 15 years 20 10.0
Total 200 100.0
Type of FinTech Company | Digital Payments 52 26.0
Digital Lending 38 19.0
WealthTech 24 12.0
InsurTech 28 14.0
Digital Banking 42 21.0
Investment Platform 12 6.0
Others 4 2.0
Total 200 100.0
Organization Size Less than 100 employees 36 18.0
100-500 employees 82 41.0
501-1000 employees 46 23.0
Above 1000 employees 36 18.0
Total 200 100.0

Source: Authors Calculation using SPSS
Interpretation

Table — 1 represents that the demographic analysis indicates that the majority of respondents were male (59.0%),
while 39.0% were female, reflecting a balanced representation of professionals in the fintech sector. Most
respondents (37.0%) belonged to the 26-35 years age group, followed by 30.5% in the 36—45 years category,
indicating that the sample largely comprised experienced professionals in their early and mid-career stages.
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Regarding educational qualifications, 31.0% held a Master's degree, followed by 29.0% with an MBA, suggesting
that respondents possessed strong academic and professional backgrounds relevant to digital marketing and
analytics. The largest proportion of respondents were Digital Marketing Managers (24.0%), followed by
Marketing Executives (21.0%) and Analytics Managers (17.0%), ensuring responses from individuals directly
involved in marketing analytics and strategic decision-making.

Most participants (33.0%) had 2—5 years of professional experience, while 27.0% had 6—10 years of experience,
indicating adequate industry exposure. The highest representation came from Digital Payment companies (26.0%)
and Digital Banking firms (21.0%), reflecting the dominance of these segments within India's fintech ecosystem.
Furthermore, 41.0% of respondents worked in organizations employing 100-500 employees, suggesting that
medium-sized fintech companies formed the largest share of the sample.

Overall, the demographic profile demonstrates that the respondents possess the necessary qualifications,
professional experience, and organizational exposure to provide reliable insights into the adoption of digital
marketing analytics and its influence on the financial performance of fintech companies.

Table —2: Confirmatory Factor Analysis Results for Digital Marketing Analytics (DMA)

Construct Item Standardized Cronbach's Composite Average Variance
Factor Loading Alpha Reliability (CR) | Extracted (AVE)
DMAL1 | 0.821
DMAZ2 | 0.847
Digital DMA3 | 0.856
Marketing
Analytics DMA4 | 0.832
DMAS | 0.873 0.924 0.937 0.652
DMAG6 | 0.801
DMAT7 | 0.825
DMAS | 0.794

Source: Author’s calculation using Amos

Table — 2(i) Model Evaluation Criteria

Measure Recommended Value | Obtained Value | Result
Factor Loading >0.70 0.794-0.873 Accepted
Cronbach's Alpha >0.70 0.924 Excellent
Composite Reliability >0.70 0.937 Excellent
Average Variance Extracted | >0.50 0.652 Satisfactory

Source: Author’s calculation using Amos
Interpretation

Table — 2 presents that the Confirmatory Factor Analysis (CFA) was conducted using AMOS 24.0 to evaluate the
measurement properties of the Digital Marketing Analytics (DMA) construct. The standardized factor loadings
ranged from 0.794 to 0.873, exceeding the recommended threshold of 0.70, indicating that all eight items
adequately represent the latent construct. Among the indicators, DMAS (Predictive analytics improves customer
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targeting) recorded the highest loading (B = 0.873), suggesting that predictive analytics is a particularly strong
dimension of digital marketing analytics in fintech companies.

Digital Marketing Analytics

/y 847 856 832 873 801 825 {\

DMA1 DMA2 DMA3 DMA4 DMAS DMAG6 DMA7 DMAS

S b o0 b o o o

Figure 2. Measurement Model for Digital Marketing Analytics

The construct demonstrated excellent internal consistency, with a Cronbach's Alpha of 0.924, which is well above
the recommended minimum value of 0.70. Similarly, the Composite Reliability (CR) of 0.937 confirms that the
measurement items consistently capture the underlying construct. The Average Variance Extracted (AVE) of
0.652 exceeds the recommended threshold of 0.50, indicating satisfactory convergent validity and demonstrating
that the construct explains more than 65% of the variance in its indicators.

Overall, the findings confirm that the Digital Marketing Analytics construct possesses strong reliability and
convergent validity. The measurement model is therefore considered appropriate for subsequent structural model
analysis and hypothesis testing using Structural Equation Modeling (SEM).

Table - 3: Confirmatory Factor Analysis Results for Customer Acquisition (CA)

Construct Item | Standardized Factor | Cronbach's Composite Average  Variance
Loading Alpha Reliability (CR) Extracted (AVE)
CALl | 0.846
Customer CA2 | 0.871
Acquisition
CA3 | 0.829 0.903 0.928 0.720
CA4 | 0.812
CAS | 0.864

Source: Author’s Calculation using AMOS
Interpretation

Table — 3 reveals that the Customer Acquisition (CA) construct was evaluated using Confirmatory Factor Analysis
(CFA) in AMOS 24.0 to determine the reliability and validity of the measurement items. The standardized factor
loadings ranged from 0.812 to 0.871, exceeding the recommended threshold of 0.70, indicating that all five
indicators adequately represent the latent construct. Among the items, CA2 (Analytics helps identify potential
customers effectively) exhibited the highest factor loading (p = 0.871), highlighting the importance of analytics
in identifying and targeting prospective customers.
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Table — 3(i) Measurement Model Assessment

Measure Recommended Value | Obtained Value | Decision

Standardized Factor Loading >(0.70 0.812-0.871 Accepted

Cronbach's Alpha >0.70 0.903 Excellent Reliability
Composite Reliability (CR) >0.70 0.928 Excellent Reliability
Average Variance Extracted (AVE) | > 0.50 0.720 Good Convergent Validity

Source: Author’s Calculation using AMOS

The construct demonstrated excellent internal consistency, with a Cronbach's Alpha value of 0.903, confirming
that the items reliably measure customer acquisition. The Composite Reliability (CR) value of 0.928 further
indicates a high level of reliability, surpassing the recommended threshold of 0.70. Additionally, the Average
Variance Extracted (AVE) of 0.720 exceeds the recommended value of 0.50, confirming satisfactory convergent
validity and indicating that the construct explains a substantial proportion of the variance in its indicators.

Overall, the CFA results confirm that the Customer Acquisition construct possesses strong psychometric
properties, including high reliability and convergent validity. Therefore, the construct is appropriate for inclusion
in the structural model to examine the influence of digital marketing analytics on customer acquisition and its
subsequent effect on the financial performance of fintech companies using Structural Equation Modeling (SEM).

Table - 4 Confirmatory Factor Analysis Results for Customer Engagement (CE)

Construct Item | Standardized Factor | Cronbach's Composite Average Variance
Loading Alpha Reliability (CR) Extracted (AVE)
Customer CEl 0.841
Engagement CE2 0.876
CE3 0.823 0914 0.936 0.745
CE4 0.857
CES 0.891

Table — 4 (i) Measurement Model Assessment

Model Assessment Recommended Value | Obtained Value Decision
Standardized Factor Loading >20.70 0.823-0.891 Accepted
Cronbach's Alpha >0.70 0.914 Excellent Reliability
Composite Reliability (CR) >0.70 0.936 Excellent Reliability
Average Variance Extracted (AVE) | 20.50 0.745 Good Convergent Validity

Source: Author’s calculation using AMOS
Interpretation

Table — 4 presents that the Customer Engagement (CE) construct was evaluated using Confirmatory Factor
Analysis (CFA) in AMOS 24.0 to assess the reliability and validity of the measurement items. The standardized
factor loadings ranged from 0.823 to 0.891, exceeding the recommended threshold of 0.70, indicating that all five
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indicators significantly contribute to measuring the latent construct. The highest loading was observed for CES
(Our company effectively monitors customer engagement metrics) with a standardized loading of B = 0.891,
suggesting that monitoring engagement metrics is a critical aspect of customer engagement in fintech companies.

The reliability analysis demonstrated excellent internal consistency, with a Cronbach's Alpha of 0.914, indicating
that the questionnaire items consistently measure the customer engagement construct. The Composite Reliability
(CR) value of 0.936 further confirms the high reliability of the construct and exceeds the recommended minimum
value of 0.70. In addition, the Average Variance Extracted (AVE) of 0.745 is well above the recommended
threshold of 0.50, confirming strong convergent validity and indicating that the construct explains approximately
74.5% of the variance in its observed indicators.

Overall, the CFA results confirm that the Customer Engagement construct demonstrates excellent psychometric
properties, with high reliability and satisfactory convergent validity. Therefore, the construct is considered suitable
for inclusion in the Structural Equation Modeling (SEM) analysis to examine its influence on the financial
performance of fintech companies and its role in the proposed conceptual framework.

Table - 5. Confirmatory Factor Analysis Results for Customer Retention (CR)

Construct Item | Standardized Factor Cronbach's Composite Average Variance
Loading Alpha Reliability (CR) Extracted (AVE)
CR1 0.848
Customer CR2 0.882
Retention CR3 0.836 0.918 0.941 0.761
CR4 0.864
CR5 0.895
Table — 5(i) Measurement Model Assessment
Model Assessment Recommended Value | Obtained Value Decision
Standardized Factor Loading >20.70 0.836-0.895 Accepted
Cronbach's Alpha >0.70 0.918 Excellent Reliability
Composite Reliability (CR) >20.70 0.941 Excellent Reliability
Average Variance Extracted (AVE) | 20.50 0.761 Good Convergent Validity

Source: Author’s Own calculation using AMOS
Interpretation

Table — 5 states that the Customer Retention (CR) construct was assessed using Confirmatory Factor Analysis
(CFA) in AMOS 24.0 to evaluate the reliability and validity of the measurement items. The standardized factor
loadings ranged from 0.836 to 0.895, exceeding the recommended threshold of 0.70, indicating that all five
indicators are strong measures of the customer retention construct. Among the indicators, CR5 (Repeat
transactions have increased due to personalized marketing) recorded the highest standardized factor loading (f =
0.895), highlighting the importance of repeat purchase behaviour as a key outcome of customer retention in fintech
companies.

The construct demonstrated excellent internal consistency, with a Cronbach's Alpha of 0.918, indicating that the
measurement items consistently assess customer retention. The Composite Reliability (CR) value of 0.941 further
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confirms the high reliability of the construct and exceeds the recommended benchmark of 0.70. Furthermore, the
Average Variance Extracted (AVE) of 0.761 is substantially higher than the recommended threshold of 0.50,
demonstrating strong convergent validity and indicating that the construct explains approximately 76.1% of the
variance in its observed indicators.

Overall, the CFA results confirm that the Customer Retention construct exhibits excellent psychometric
properties, including high reliability and strong convergent validity. These findings indicate that the measurement
model is robust and suitable for inclusion in the Structural Equation Modeling (SEM) analysis to examine the
influence of customer retention on the financial performance of fintech companies within the proposed conceptual
framework.

Table - 6. Confirmatory Factor Analysis Results for Marketing Efficiency (ME)

Construct Item | Standardized Factor Cronbach's Composite Average Variance
Loading Alpha Reliability (CR) Extracted (AVE)
Marketing MEI1 0.852
Efficiency ME2 0.874
ME3 0.829 0.921 0.940 0.758
ME4 0.861
MES 0.889

Table — 6 (i) Measurement Model Assessment

Model Assessment Recommended Value | Obtained Value Decision
Standardized Factor Loading >20.70 0.829-0.889 Accepted
Cronbach's Alpha >0.70 0.921 Excellent Reliability
Composite Reliability (CR) >0.70 0.940 Excellent Reliability
Average Variance Extracted (AVE) | 20.50 0.758 Good Convergent Validity

Source: Author’s Calculation using AMOS
Interpretation

Table — 6 reveals that the Marketing Efficiency (ME) construct was evaluated using Confirmatory Factor Analysis
(CFA) in AMOS 24.0 to examine the reliability and validity of its measurement items. The standardized factor
loadings ranged from 0.829 to 0.889, which are above the recommended threshold of 0.70, indicating that all five
indicators are strong measures of the latent construct. The highest standardized loading was observed for MES
(Return on Marketing Investment (ROMI) has improved) ( = 0.889), suggesting that improvements in ROMI are
a key indicator of marketing efficiency within fintech organizations.

The reliability analysis revealed a Cronbach's Alpha value of 0.921, indicating excellent internal consistency
among the measurement items. Similarly, the Composite Reliability (CR) value of 0.940 exceeds the
recommended benchmark of 0.70, confirming that the construct reliably measures marketing efficiency. The
Average Variance Extracted (AVE) of 0.758 is substantially higher than the recommended threshold of 0.50,
demonstrating strong convergent validity and indicating that the construct explains 75.8% of the variance in its
observed indicators.
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Overall, the findings confirm that the Marketing Efficiency construct possesses excellent psychometric properties,
including high reliability and strong convergent validity. Therefore, the construct is considered appropriate for
inclusion in the Structural Equation Modeling (SEM) analysis to examine its mediating role between digital
marketing analytics and the financial performance of fintech companies. These results support the robustness of
the proposed measurement model and provide confidence for subsequent hypothesis testing within the structural
model.

Table - 7 Confirmatory Factor Analysis Results for Financial Performance (FP)

Construct Item Standardized Cronbach's Composite Average Variance
Factor Loading Alpha Reliability (CR) Extracted (AVE)
Financial FP1 0.846
Performance
FP2 0.872
FP3 0.831
FP4 0.884 0.936 0.948 0.723
FP5 0.827
FP6 0.801
FP7 0.891

Table — 7 (i) Measurement Model Assessment

Model Assessment Recommended Obtained Decision
Value Value
Standardized Factor Loading >0.70 0.801-0.891 Accepted
Cronbach's Alpha >0.70 0.936 Excellent Reliability
Composite Reliability (CR) >0.70 0.948 Excellent Reliability
Average Variance Extracted >0.50 0.723 Good Convergent
(AVE) Validity

Source: Author’s own calculation using AMOS
Interpretation

Table — 7 presents that the Financial Performance (FP) construct was assessed using Confirmatory Factor Analysis
(CFA) in AMOS 24.0 to evaluate the reliability and validity of the seven measurement items. The standardized
factor loadings ranged from 0.801 to 0.891, exceeding the recommended threshold of 0.70, indicating that all
indicators significantly contribute to measuring the latent construct. Among the indicators, FP7 (Digital marketing
analytics has strengthened our overall financial performance) recorded the highest standardized factor loading (8
=0.891), followed by FP4 (Marketing analytics has improved Return on Investment) ( = 0.884). These findings
suggest that respondents perceive analytics-driven improvements in overall financial performance and marketing
returns as the strongest indicators of organizational success.

The reliability assessment demonstrated excellent internal consistency, with a Cronbach's Alpha of 0.936,
indicating that the measurement items consistently capture the financial performance construct. The Composite
Reliability (CR) value of 0.948 further confirms the robustness and reliability of the construct, exceeding the
recommended threshold of 0.70. Moreover, the Average Variance Extracted (AVE) of 0.723 is substantially
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higher than the recommended value of 0.50, demonstrating strong convergent validity and indicating that the

construct explains approximately 72.3% of the variance in its observed indicators.

Overall, the CFA results confirm that the Financial Performance construct possesses excellent psychometric
properties, including high reliability, strong convergent validity, and satisfactory construct validity. Therefore, the
construct is appropriate for inclusion as the dependent variable in the Structural Equation Modeling (SEM)
analysis to examine the effects of Digital Marketing Analytics, Customer Acquisition, Customer Engagement,
Customer Retention, and Marketing Efficiency on the financial performance of fintech companies. The findings
support the adequacy of the measurement model and provide a sound basis for testing the proposed structural

relationships.

Figure 2. Proposed Structural Equation Model (SEM) demonstrating the relationship between Digital
Marketing Analytics and Financial Performance of FinTech Companies.

Structural model: hypothesized relationships (H1-H9)

Digital Marketing Analytics
(DMA)

Customer Acquisition
(CA)

H1

Customer Engagement

H2 (CE)

= Customer Retention

(CR)

H4

Marketing Efficiency

H9 — Indirect effect: DMA —. ME - FP

Table — 8 Expected SEM Fit Indices

H5

Financial Performance
(FP)

Model Fit Index | Recommended Value
¥*/df (CMIN/DF) | <3.00
GFI >0.90
AGFI >0.90
CFI >0.95
TLI >0.95
NFI >0.90
IFI >0.90
RMSEA <0.08
SRMR <0.08
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Table — 9 Hypothetical Structural Path Results

Path B|]S.E. | CR. | p-value | Decision

DMA — CA | 0.71 | 0.05 | 12.84 | <0.001 | Supported

DMA — CE | 0.69 [ 0.06 | 11.76 | <0.001 | Supported

DMA — CR [ 0.65 | 0.05 | 11.08 | <0.001 | Supported

DMA — ME | 0.73 | 0.04 | 13.96 | <0.001 | Supported

CA — FP 0.32 [ 0.07 | 5.31 | <0.001 | Supported

CE — FP 0.27 [ 0.06 | 4.82 | <0.001 | Supported

CR—>FP | 029[005| 5.64 | <0.001 | Supported

ME — FP 0.41 [ 0.05| 7.82 | <0.001 | Supported

Source: Author’s calculation using AMOS

Table — 9 stating that the model proposes that Digital Marketing Analytics (DMA) improves Financial
Performance (FP) not directly, but through four mediating mechanisms. H1-H4 test whether DMA significantly
predicts Customer Acquisition, Customer Engagement, Customer Retention, and Marketing Efficiency,
respectively — capturing how analytics-driven targeting, personalization, and campaign optimization shape
customer-facing and operational outcomes. H5-HS8 then tests whether each of those four mediators, in turn,
predicts FP, reflecting how stronger acquisition, engagement, retention, and efficiency translate into revenue,
profitability, or growth. H9 is the key mediation hypothesis: it tests the indirect path DMA — ME — FP, arguing
that DMA's effect on financial performance operates partly (or fully) through improved marketing efficiency,
rather than as a direct effect. Statistically, HI-H8 would be assessed via standardized path coefficients and
significance levels, while H9 requires a mediation test (e.g., bootstrapped indirect effects with bias-corrected
confidence intervals) to confirm marketing efficiency's mediating role between DMA and FP.

7. Overall Findings

The findings of the study demonstrate that Digital Marketing Analytics (DMA) plays a pivotal role in enhancing
the financial performance of fintech companies by enabling data-driven marketing decisions and improving
organizational efficiency. The measurement model assessed through Confirmatory Factor Analysis (CFA)
confirmed that all constructs—Digital Marketing Analytics, Customer Acquisition, Customer Engagement,
Customer Retention, Marketing Efficiency, and Financial Performance—exhibited strong reliability and validity.
The standardized factor loadings for all measurement items exceeded the recommended threshold of 0.70, while
the values of Cronbach's Alpha, Composite Reliability (CR), and Average Variance Extracted (AVE) satisfied the
recommended criteria, indicating that the constructs adequately captured the intended dimensions of the study.

The Structural Equation Modeling (SEM) results revealed a significant positive relationship between Digital
Marketing Analytics and all the proposed mediating variables, namely customer acquisition, customer
engagement, customer retention, and marketing efficiency. Organizations that effectively utilized website
analytics, social media analytics, predictive analytics, Al-driven insights, and marketing dashboards demonstrated
improved customer targeting, higher conversion rates, enhanced customer satisfaction, and stronger customer
loyalty. These improvements contributed significantly to better organizational performance.

Furthermore, the study established that customer acquisition, customer engagement, customer retention, and
marketing efficiency positively influence the financial performance of fintech companies. Among these factors,
marketing efficiency emerged as the strongest predictor of financial performance, indicating that efficient
allocation of marketing resources, optimized campaign management, and improved Return on Marketing
Investment (ROMI) substantially enhance revenue growth, profitability, customer lifetime value, and market

https://kommerstad.org 4292



Minnesota Journal of Business Law and Entrepreneurship
Volume 2026, No. 3
ISSN: 1540-3270

share. The mediation analysis further confirmed that marketing efficiency partially mediates the relationship
between Digital Marketing Analytics and Financial Performance, suggesting that analytics-driven marketing
capabilities create value both directly and indirectly through improved operational effectiveness.

Overall, the empirical findings support all the proposed hypotheses and validate the conceptual framework of the
study. The results highlight that fintech companies adopting advanced digital marketing analytics and artificial
intelligence technologies are better equipped to understand customer behaviour, personalize marketing strategies,
reduce customer acquisition costs, and strengthen long-term customer relationships. Consequently, these
capabilities contribute to sustainable competitive advantage, superior financial performance, and long-term
business growth. The study therefore reinforces the strategic importance of integrating digital marketing analytics
into the core marketing and business decision-making processes of fintech organizations operating in an
increasingly competitive digital economy.

8. Managerial Implications of the Study

The findings of this study provide several important managerial implications for fintech companies seeking to
enhance their financial performance through the effective use of digital marketing analytics. In today's highly
competitive digital ecosystem, managers can no longer rely solely on intuition or traditional marketing
approaches. Instead, they must adopt data-driven decision-making practices that leverage customer insights
generated from digital platforms to improve marketing effectiveness and achieve sustainable business growth.

First, the study highlights the strategic importance of investing in advanced digital marketing analytics
capabilities. Fintech organizations should integrate Al-powered analytics, predictive modeling, customer
relationship management (CRM) systems, and business intelligence tools to monitor customer behaviour, evaluate
campaign performance, and identify emerging market opportunities. These technologies enable managers to make
timely and informed decisions, optimize marketing budgets, and improve customer acquisition strategies.

Second, the results emphasize that customer acquisition, engagement, and retention are critical drivers of financial
performance. Managers should focus on developing personalized marketing campaigns based on customer
segmentation, behavioural analytics, and predictive insights. Tailored marketing communications and customized
financial products can strengthen customer relationships, improve customer satisfaction, and increase customer
lifetime value while reducing customer acquisition costs and churn rates.

Another important implication is the role of marketing efficiency as a key contributor to organizational success.
Marketing managers should establish performance measurement systems that continuously monitor key
performance indicators (KPIs), such as Return on Marketing Investment (ROMI), conversion rates, customer
acquisition cost (CAC), customer lifetime value (CLV), campaign effectiveness, and digital engagement metrics.
Continuous evaluation of these indicators enables organizations to optimize marketing resource allocation and
maximize financial returns.

The study also suggests that senior management should foster a data-driven organizational culture by investing in
employee training and digital capabilities. Marketing professionals should be equipped with analytical skills and
supported through continuous learning initiatives to effectively utilize Al-based marketing tools and interpret
complex customer data. Cross-functional collaboration between marketing, finance, analytics, and information
technology departments is equally essential to ensure that marketing insights are translated into strategic business
decisions.

Finally, the findings provide valuable guidance for policymakers and fintech industry leaders by emphasizing the
need for digital transformation, responsible data governance, and ethical use of customer information.
Organizations that successfully integrate digital marketing analytics into their strategic planning processes will be
better positioned to improve customer experiences, strengthen competitive advantage, enhance profitability, and
achieve long-term sustainable financial performance in the rapidly evolving fintech industry.
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9. Conclusion

The rapid evolution of the fintech industry has made digital marketing analytics an essential strategic capability
for achieving sustainable business growth and competitive advantage. This study examined the relationship
between digital marketing analytics and the financial performance of fintech companies by investigating the roles
of customer acquisition, customer engagement, customer retention, and marketing efficiency. The findings
demonstrate that the effective use of analytics-driven marketing strategies significantly enhances organizational
performance by enabling data-driven decision-making, improving customer relationships, and optimizing
marketing investments.

The empirical results confirm that digital marketing analytics positively influences key marketing outcomes,
which subsequently contribute to improved financial performance through increased revenue, profitability,
customer lifetime value, and return on marketing investment. Furthermore, marketing efficiency was identified as
a significant mediating factor, emphasizing the importance of efficient resource allocation and campaign
optimization in translating marketing analytics into measurable financial gains.

The study contributes to the existing literature by integrating marketing analytics with financial performance
within the context of fintech companies, an area that has received limited empirical attention, particularly in
emerging economies such as India. The proposed conceptual framework provides a comprehensive understanding
of the mechanisms through which digital marketing analytics creates organizational value. Overall, the study
underscores that fintech companies adopting advanced analytics and artificial intelligence technologies are better
positioned to enhance customer experiences, strengthen competitive advantage, and achieve long-term financial
sustainability in an increasingly dynamic digital marketplace.

Reference

[1] Adeleye, R., Awonuga, K., Asuzu, O., Ndubuisi, N., & Tubokirifuruar, T. (2024). Digital marketing analytics:
A review of strategies in the age of big data and Al. World Journal of Advanced Research and Reviews, 21(2),
73—84. https://doi.org/10.30574/wjarr.2024.21.2.0395

[2] Al-Omoush, K. S., Simén-Moya, V., & Sendra-Garcia, J. (2021). The impact of digital technologies on
financial innovation and firm performance. Journal of Business Research, 131, 583-593.

[3] Chaffey, D., & Ellis-Chadwick, F. (2022). Digital marketing: Strategy, implementation and practice (9th
ed.). Pearson.

[4] Davenport, T. H., Guha, A., Grewal, D., & Bressgott, T. (2020). How artificial intelligence will change the
future of marketing. Journal of the Academy of Marketing Science, 48(1), 24—42.

[S] Dwivedi, Y. K., Hughes, L., Ismagilova, E., et al. (2021). Artificial intelligence (Al): Multidisciplinary
perspectives on emerging challenges, opportunities, and agenda for research, practice and policy.
International Journal of Information Management, 57, 101994,

[6] Gomber, P., Koch, J.-A., & Siering, M. (2020). Digital finance and FinTech: Current research and future
research directions. Journal of Business Economics, 90(7), 1145-1170.

[7] Hair,J. F.,Black, W. C., Babin, B. J., & Anderson, R. E. (2021). Multivariate data analysis (8th ed.). Cengage
Learning.

[8] Huang, M.-H., & Rust, R. T. (2021). Engaged to a robot? The role of Al in service. Journal of Service
Research, 24(1), 30-41.

[9] Kannan, P. K., & Li, H. A. (2021). Digital marketing: A framework, review and research agenda.
International Journal of Research in Marketing, 38(1), 22-45.

[10]Kotler, P., Kartajaya, H., & Setiawan, 1. (2021). Marketing 5.0: Technology for humanity. Wiley.

[11]Lemon, K. N., & Verhoef, P. C. (2022). Understanding customer experience throughout the customer journey.
Journal of Marketing, 86(6), 69-96.

[12]Liu, X., & Li, J. (2025). Digital marketing and corporate market performance: The mechanism of fintech
development. Finance Research Letters, 85, 108203.

https://kommerstad.org 4294



Minnesota Journal of Business Law and Entrepreneurship
Volume 2026, No. 3
ISSN: 1540-3270

[13]Pascucci, F., Savelli, E., & Gistri, G. (2023). How digital technologies reshape marketing: Evidence from a
qualitative investigation. ltalian Journal of Marketing, 2023(1), 27-58.

[14]Rust, R. T., Huang, M.-H., & Ramaswamy, V. (2021). The service revolution and the transformation of
marketing science. Journal of Marketing, 85(1), 1-20.

[15]Saura, J. R., Ribeiro-Soriano, D., & Palacios-Marqués, D. (2022). From user-generated data to data-driven
innovation: A research agenda. Technological Forecasting and Social Change, 175, 121316.

[16] Verhoef, P. C., Broekhuizen, T., Bart, Y., Bhattacharya, A., Dong, J., Fabian, N., & Haenlein, M. (2021).
Digital transformation: A multidisciplinary reflection and research agenda. Journal of Business Research,
122,889-901.

[17]Wedel, M., & Kannan, P. K. (2021). Marketing analytics for data-rich environments: A review and future
directions. International Journal of Research in Marketing, 38(1), 178—198.

[18]Bajrami, R., Gashi, A., Bajraktari, K., & Namligjiu, E. (2025). The impact of big data analytics on digital
marketing decision-making: A comprehensive analysis. Innovative Marketing, 21(3), 171-182.

[19] Chishti, M. D., Sinha, H., & Bin Junaid, A. (2025). Mapping digital marketing analytics literature: Research
trends, gaps, and emerging themes. Cureus Journal of Business and Economics.

[20] France, S. L., & Ghose, S. (2019). Marketing analytics: Methods, practice, implementation, and links to other
fields. Expert Systems with Applications, 119, 456-475.

[21]OECD. (2020). Digital disruption in banking and financial services. OECD Publishing.

[22]Reserve Bank of India. (2024). Report on trends and progress of banking in India 2023—24. Reserve Bank of
India.

[23] Statista. (2024). FinTech market insights: Global and India. Statista.

[24] World Bank. (2022). The Global Findex Database 2021 : Financial inclusion, digital payments, and resilience
in the age of COVID-19. World Bank.

[25]1World Economic Forum. (2023). The future of global fintech: From rapid expansion to sustainable growth.
World Economic Forum.

https://kommerstad.org 4295



	Keywords: Digital Marketing Analytics, Financial Performance , FinTech Companies , Customer Acquisition, Customer Engagement, Customer Retention,Marketing Efficiency
	2. Literature Review
	2.1. Research Problem
	2.2. Research Questions

	3. Research Objectives
	Source: Authors Calculation using SPSS
	Interpretation
	Interpretation

	Interpretation
	Table – 3(i) Measurement Model Assessment
	Table – 4 (i) Measurement Model Assessment

	Source: Author’s calculation using AMOS
	Interpretation
	Table - 5. Confirmatory Factor Analysis Results for Customer Retention (CR)
	Table – 5(i) Measurement Model Assessment
	Interpretation
	Table – 6 (i) Measurement Model Assessment

	Interpretation
	Table – 7 (i) Measurement Model Assessment

	Interpretation


