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Abstract

The creator economy has emerged as one of the most consequential structural transformations in contemporary
labour markets, repositioning content creation from a peripheral digital activity into a formally contestable
entrepreneurial career. This study presents findings from a comprehensive, mixed-methods, cross-sectional survey
of n = 550 urban Indian digital content creators conducted between 2025 and 2026. Participants were recruited
from YouTube, Instagram, LinkedIn, WhatsApp creator communities, and peer-referral networks across 18 Indian
cities using purposive-plus-snowball sampling. The survey instrument comprised approximately 95 items across
ten thematic sections (Parts A-J), deploying Likert 5-point scales, 7-point semantic differentials, Borda-count
motivation rankings, ordinal income intervals, dichotomous screeners, and open-ended qualitative items. Key
findings reveal a pronounced financial viability gap: 51.4% of creators earn below X15,000 per month, with only
14% achieving income above 375,000. A severe burnout epidemic is confirmed, with 52.7% of respondents
reporting frequent creative exhaustion (E1 > 4), significant across career types (one-way ANOVA: F =3.279, p
= 0.038). Algorithm anxiety (E8: mean = 3.39/5) and performance pressure (E2: mean = 3.48/5) emerge as the
leading psychological stressors. Market saturation is acutely perceived, with discoverability loss scoring highest
(F3: mean = 3.65/5) and Al disruption anxiety reaching 61.8% high-concern prevalence (F7). A critical
institutional vacuum is evidenced by a 71.1% policy awareness deficit, alongside strong creator demand for
MSME legal classification (I3: mean = 3.67/5) and a National Digital Creator Association (I6: mean = 3.55/5).
Tenure significantly moderates saturation perception (r = —0.116, p = 0.006), while niche selection demonstrates
measurable income differentiation, with Parenting (mean ordinal =4.16) and Finance (3.84) outperforming Fitness
(2.85). The study advances the concept of "Algorithmic Micro-Entreprencurship" (AME) as a theoretical
framework and offers six evidence-based policy recommendations for government, platforms, and civil society.
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1. Introduction

The global creator economy — broadly defined as the ecosystem of independent digital content producers,
supporting platform infrastructure, and associated monetisation channels — has grown to an estimated value
exceeding USD 250 billion globally, with India representing one of the fastest-growing national markets
(Influencer Marketing Hub, 2023; NASSCOM, 2023). India's unique convergence of demographic factors — a
median population age of 28.4 years, over 650 million active internet users, rapidly declining mobile data costs,
and deep smartphone penetration in tier-2 and tier-3 cities — has catalysed the emergence of a large,
heterogeneous population of digital content creators who leverage platforms such as YouTube, Instagram, Moj,
and ShareChat to build audiences, construct personal brands, and seek economic independence. Yet despite the
cultural visibility of high-earning "YouTubers" and "influencers," the structural economic realities of content
creation as a primary livelihood remain insufficiently mapped in the Indian context. The discourse is dominated
by aspirational narratives that obscure the precarious income trajectories, psychological burdens, platform-
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dependency risks, and institutional exclusion that characterise the experience of the majority of creators. Global
research from Duffy (2017), Morrow (2021), and Standing (2011) consistently documents high attrition, income
volatility, mental health deterioration, and algorithmic precarity as defining features of the creator career. In India,
these challenges are compounded by an institutional vacuum: no legal framework recognises digital creators as
entrepreneurs, no government support scheme targets this constituency, and no industry body represents their
interests. This study addresses these critical gaps through the most comprehensive empirically grounded,
quantitative-qualitative analysis of urban Indian content creators to date. Drawing on a survey dataset of n = 550
respondents across 18 cities, the study examines financial sustainability, psychological well-being, market
saturation dynamics, creator attrition, social legitimacy, and the policy landscape. The paper makes three primary
contributions: (1) it provides large-sample descriptive and inferential statistical evidence on the Indian creator
economy; (2) it advances the theoretical concept of Algorithmic Micro-Entrepreneurship (AME) to more
accurately conceptualise creator careers; and (3) it generates an evidence-based policy agenda grounded in creator
preferences.

The paper is structured as follows: Section 2 reviews the theoretical foundations; Section 3 presents research
questions and objectives; Section 4 describes methodology; Sections 5—10 present thematic findings; Section 11
provides discussion and theoretical contributions; Section 12 outlines policy recommendations; and Section 13
addresses limitations and future directions.

2. Theoretical Framework And Literature Review
2.1 The Creator Economy as Algorithmic Micro-Entrepreneurship

The conceptualisation of digital content creation as a form of entrepreneurship has evolved rapidly across multiple
scholarly disciplines. Cunningham and Craig (2019) positioned social media entertainment as an emergent
industry characterised by independent production, direct audience relationships, and platform-mediated
monetisation — hallmarks of entrepreneurial activity. Lobato (2016) described YouTube's multi-channel network
(MCN) structure as reconfiguring creative labour into quasi-enterprise arrangements. However, the
entrepreneurship framing remains contested. Standing's (2011) Precariat thesis offers a critical counterpoint,
characterising gig and platform workers as occupying a structurally insecure class position — lacking employment
protection, benefits, income predictability, or occupational identity — rendering the entrepreneurship designation
aspirational rather than materially accurate for most creators.

Drawing on these complementary traditions, this study advances the concept of Algorithmic Micro-
Entrepreneurship (AME) to describe the distinctive economic agency exercised by digital creators. AME is
characterised by: (1) low capital barriers to entry; (2) algorithmically mediated visibility and income; (3) extreme
income variance across a power-law distribution; (4) platform dependency as a structural feature; (5) intrinsic-
motivation-driven production coexisting with extrinsic income precarity; and (6) absence of institutional
recognition and support. The AME framework integrates insights from Self-Determination Theory, algorithmic
power research, gig economy scholarship, and entrepreneurship literature to provide a theoretically coherent
account of creator careers.

2.2 Self-Determination Theory and Motivational Architecture

Ryan and Deci's (2000) Self-Determination Theory (SDT) provides the principal motivational framework for this
study. SDT distinguishes between intrinsic motivation — creativity, autonomy, mastery, social relatedness — and
extrinsic motivation — monetary reward, recognition, subscriber growth metrics. Amabile's (1996) creativity
research demonstrates that intrinsically motivated creators sustain higher creative quality and persistence, while
over-reliance on extrinsic algorithmic metrics undermines creative autonomy and accelerates burnout. Our study
operationalises both dimensions through Likert importance batteries (D2, D3) and Borda-count entry motivation
rankings (D1), finding near parity (intrinsic mean = 3.63; extrinsic mean = 3.62) with a slight intrinsic advantage,
consistent with SDT predictions about identity-driven career choices.
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2.3 Algorithmic Power and Platform Precarity

Bucher's (2018) influential treatise on algorithmic power argues that platform recommendation algorithms are not
neutral sorting mechanisms but active political technologies shaping creator visibility, income trajectories, and
psychological states. Caplan and Boyd's (2018) concept of "isomorphism through algorithms" describes the
iterative content adaptation creators undertake to satisfy perceived algorithmic preferences, potentially
compromising authenticity and accelerating burnout. In our dataset, algorithm anxiety (E8) and TikTok ban
impact (B6: mean = 3.55/5; 57.3% high) provide robust empirical support for these theoretical claims. The TikTok
ban of 2020 (MeitY, 2020) constitutes a natural experiment in platform dependency risk, and our findings confirm
significant career disruption among affected creators.

2.4 Burnout in Creative Labour

Maslach and Leiter's (2016) Burnout Inventory identifies exhaustion, cynicism, and reduced professional efficacy
as the three core burnout dimensions. Morrow's (2021) qualitative study of YouTube creators identified audience
anxiety, income stress, and content fatigue as primary psychological burdens. Festinger's (1954) Social
Comparison Theory illuminates how the quantified feedback environment of social media — subscriber counts,
view metrics, engagement rates — creates a perpetual comparison loop that drives performance anxiety. Our
survey finds burnout (E1: 52.7% high prevalence), performance pressure (E2: 54.9%), and psychological burden
(E3: 55.3%) at levels suggesting a systemic mental health challenge within the Indian creator ecosystem, with
significant age and career-type variation.

2.5 Social Capital, Stigma, and Institutional Legitimacy

Bourdieu's (1986) three-field capital framework — economic, cultural, and social — provides a lens for
understanding differential creator success. Access to social capital through creator communities, mentorship
networks, and family support systems moderates resilience and career continuity. Goffman's (1963) stigma theory
illuminates the social delegitimisation of content creation as a career in Indian society, where "real jobs" remain
narrowly defined. Our data (entrepreneurial recognition H6: mean = 3.26/5; industry recognition H8: mean =
3.32/5) confirm persistent legitimacy deficits, while also identifying online communities as compensatory social
capital sources (H3: online community support is the highest-rated support source at mean = 3.80/5 estimated
from composite H3 score).

3. Research Questions And Objectives

The study is anchored by one primary research question (RQ1) and nine secondary research questions (RQ2-
RQ10), each linked to specific objectives (O1-0O10) and questionnaire parts (A-J):

Primary Research Question (RQ1): To what extent and under what conditions does content creation on digital
platforms — primarily YouTube — function as a viable entrepreneurial career for urban Indian creators, and
what key factors determine their financial sustainability, psychological well-being, and long-term career
continuity?
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Table 1: Research Questions, Objectives, and Questionnaire Mapping

Secondary Research Question Objective Part(s) Key Construct

RQ2  What motivates urban Indian individuals to 02 D Borda motivation
pursue content creation, and how do ranking; SDT
motivations evolve over time? intrinsic/extrinsic

RQ3  How have platform monetisation policy 03, 04 B,C CPM perception; YPP
changes affected income stability and barrier; TikTok ban
career trajectories? impact

RQ4  What income diversification strategies do 03 C Revenue stream
Indian creators adopt, and which are most Borda ranking; stream
effective? viability

RQ5 = What is the relationship between content 05 E MBI-adapted
creation and mental health, including burnout; algorithm
burnout and algorithm anxiety? anxiety battery

RQ6  How does market saturation affect 06 F Saturation perception;
discoverability and income of emerging Al disruption; barrier
creators? trend

RQ7 = What drives creator attrition and return to 07 G Attrition observation;
mainstream employment? quit intention; failure

index

RQ8  How do creators across age cohorts differ 01, 08 A Age X burnout; age x

in their entrepreneurial approach? income; cohort
profiles

RQ9  What role do family support, stigma, and 09 H Social support
community play in sustaining creator battery; stigma scale;
careers? mentorship

RQ10 How is micro-entrepreneurship being o10 I Policy awareness;
redefined and what institutional gaps exist? MSME demand;

platform fairness

4. Methodology
4.1 Research Design

This study employs a cross-sectional, mixed-methods research design integrating quantitative psychometric scales
with qualitative open-ended items, enabling both statistical inference and rich contextual understanding. The
philosophical orientation is pragmatist (Creswell, 2014), supporting triangulation of quantitative findings against
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qualitative themes derived from open-text responses. The cross-sectional design is appropriate for prevalence
estimation and correlation analysis, though causal inferences require longitudinal confirmation.

4.2 Sampling and Recruitment

Participants were recruited through purposive-plus-snowball sampling targeting active urban Indian digital
content creators. Recruitment channels included creator communities on WhatsApp, Discord servers, YouTube
Creator Academy programmes, LinkedIn creator groups, Instagram DM broadcasts, Twitter/X, and peer referral
networks. Inclusion criteria: active content creation (minimum three months), primary platform publicly
accessible, self-identified urban Indian resident. Exclusion criteria: mainstream media professionals (journalists,
Bollywood personalities), corporate institutional accounts. The final analytical sample comprised n = 550
respondents across 18 Indian cities, representing diversity across city tier, age, gender, occupation, content niche,
and creator tier.

4.3 Survey Instrument

The questionnaire comprised approximately 95 items across ten thematic sections (Parts A—J), estimated at 25—
35 minutes completion time. Multiple scale types were deployed to match construct measurement requirements:
Likert 5-point Agreement, Frequency, Satisfaction, Importance, and Difficulty scales; 7-point Semantic
Differential bipolar pairs; Nominal MCQ (single and multi-select); Ordinal Ranking with Borda-count
aggregation; Open-Ended qualitative items; and Dichotomous screener questions. Scale coding followed APA
psychometric conventions, with comprehensive codebook documentation.

Table 2: Measurement Scale Types and Coding Framework

Scale Type Coding & Range Parts Used Analysis Method
Likert 5-pt 1=Strongly Disagree — B,C.D.E,F,.G.HI Mean, SD, ANOVA,
(Agreement) 5=Strongly Agree regression
Likert 5-pt (Frequency) = 1=Never — 5=Always A,B,D,EF.G Frequency distribution,

correlation

Likert 5-pt 1=Very Dissatisfied — 5=Very B,C Mean satisfaction index
(Satisfaction) Satisfied
Likert 5-pt 1=Not Important — 5=Very D,F Factor analysis, mean
(Importance) Important ranking
Semantic Differential Bipolar adjective pairs; midpoint EH Distribution on continuum
7-pt =4
Nominal MCQ (Multi- Each option coded 0/1; analysed B,C,D,H.I Frequency, co-occurrence
select) as frequency matrix
Ordinal Ranking Rank 1 (Most) to n (Least) CD Borda count, mean rank
Open-Ended / Free Thematically coded D,E,G,I,J Thematic analysis (NVivo)
Text
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Dichotomous (Yes/No)  Binary; 1=Yes, 0=No; A,C.D,G,H,I Frequency, logistic
filter/screener regression

4.4 Data Analysis

Quantitative data were analysed using: (1) descriptive statistics (frequencies, means, standard deviations,
percentile distributions) for all 65 Likert variables; (2) Borda-count aggregation for motivation rankings; (3)
Pearson correlation coefficients for continuous variable relationships; (4) one-way ANOVA for group mean
comparisons; (5) cross-tabulation matrices for categorical variable interaction; and (6) ordinal encoding for
income, tenure, and tier variables to enable correlation analysis. Qualitative open-text responses (Parts D, E, G, I,
J) were subjected to thematic analysis following Braun and Clarke's (2006) six-phase framework. All statistical
analyses were conducted in Python (pandas, scipy.stats). Significance threshold: p < 0.05.

4.5 Sample Profile Overview

The 550-respondent sample achieved representation across all target creator segments: age range 18—55+, 18
urban centres (Tier 1 and Tier 2 cities), all major content niches (14 distinct niches identified), five creator tiers
(Sub-Nano through Macro), and three career type categories (Primary, Secondary, Hobby). Sampling channels
were diversified: referred by peer (15.8%), LinkedIn (14.9%), YouTube (13.5%), Instagram DM (13.3%), creator
community (12.4%), WhatsApp group (12.0%), Twitter/X (10.2%), and email (8.0%). Table 3 presents the
complete demographic profile.

4.6 Ethical Considerations

The study was fully anonymous; no personally identifiable information was collected. Informed consent was
obtained electronically prior to commencement. Data were stored on encrypted institutional servers accessible
only to the research team. The study conforms to ICSSR ethical guidelines for social science research involving
human participants.

5. SECTION A: Demographic AND CREATOR PROFILE FINDINGS
5.1 Age Distribution

The age distribution confirms the overwhelmingly youthful character of the Indian creator economy (Figure 1).
The 18-24 cohort constitutes the largest segment (n=206, 37.5%), representing digital natives who have grown
up with algorithmic platforms as ambient media environments. The 25-34 cohort (n=163, 29.6%) comprises
career-switching professionals, many entering content creation following the COVID-19 pandemic disruption.
Together, these two cohorts account for 67.1% of the sample, confirming the creator economy as a youth-
dominated phenomenon. Notably, 4.4% (n=24) are under 18, raising critical questions about consent mechanisms
and platform age-verification responsibilities. The 55+ cohort (n=23, 4.2%) represents an emerging segment of
lifestyle, wisdom, and regional language creators.
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Figure 1: Age Group Distribution of Respondents (n=550)
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Figure 1: Age Group Distribution of Urban Indian Content Creator Respondents (n=550)

5.2 Gender Identity

Male respondents constitute 51.5% (n=283), followed by female respondents at 41.6% (n=229), non-binary
creators at 5.6% (n=31), and 1.3% (n=7) preferring not to disclose (Figure 2). The female representation of 41.6%
represents a significant increase from earlier estimates of approximately 25-28% in 2018-2020 data (IAMAI,
2023), indicating meaningful gender diversification driven by low-barrier short-form formats on Instagram Reels
and YouTube Shorts. Non-binary representation at 5.6% — higher than in conventional employment surveys —
suggests that digital platforms may offer more identity-affirming creative spaces than traditional labour markets.

Figure 2: Gender Identity Distribution (n=550)

= Male (51.5%) Non-binary (5.6%)

m— Female (41.6%) Prefer not
to say (1.3%6)

Figure 2: Gender Identity Distribution of Respondents (n=550)

5.3 Occupation

Full-time creators (n=160, 29.1%) represent the largest occupational subgroup, indicating a substantial primary-
livelihood creator segment (Figure 3). Students (n=126, 22.9%) constitute the second-largest group, many with
full-time transition aspirations. Salaried professionals (n=105, 19.1%) pursue content creation as income hedging
or career-option development. Homemakers (n=49, 8.9%) represent a noteworthy segment for whom digital
platforms have democratised income access, particularly for women in semi-urban contexts. Business owners
(n=57, 10.4%) deploy content creation for brand amplification and audience-led revenue generation.
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Figure 3: Primary Occupation Distribution (n=550)

Salaried 105 (19.1%)

Business Owner 57 (10.4%)

Freelancer _ 33 (6.0%)
Retired/Other - 20 (3.6%)

T T T T
4] 25 50 75 100 125 150 175
Count

Figure 3: Primary Occupation of Content Creator Respondents (n=550)
5.4 Creator Tier Distribution

Creator tiers were classified per Influencer Marketing Hub (2023) conventions based on subscriber/follower
counts (Figure 4). Micro creators (10K—100K, n=187, 34.0%) and Nano creators (1K—10K, n=184, 33.5%)
together constitute 67.5% of the sample — a structural confirmation that the vast majority of Indian creators
operate in the lower tiers of the subscriber power-law distribution, where platform monetisation access is limited
and brand deal negotiation leverage is low. Sub-Nano creators (<1K, n=60, 10.9%) have not yet crossed even
minimal visibility thresholds. Mid-tier (100K—1M, n=84, 15.3%) and Macro (1M+, n=35, 6.4%) creators represent
the economically viable upper strata.

Figure 4: Creator Tier Distribution by Subscriber Count (h=550)

Sub-Nano <1K Mid-tier 100K-1M
n=60 (10.9%) n==84 (15.3%)
Nano 1K-10K Macro 1M+
n=184 (33.5%) n=35 (6.4%)
Micro 10K-100K

—

n=187 (34.0%)

Figure 4: Creator Tier Distribution by Subscriber/Follower Count (n=550)

Table 3: Comprehensive Demographic Profile of Respondents (n=550)

Characteristic | Category % Characteristic Category
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Age Under 18 24 4.4%  Career Type Primary 195  35.5%
Age 18-24 206  37.5%  Career Type Secondary 252 45.8%
Age 25-34 163  29.6% Career Type Hobby 103 18.7%
Age 35-44 96  17.5%  Tenure <1 year 58 10.5%
Age 45-54 38 6.9%  Tenure 1-2 years 120 21.8%
Age 55+ 23 4.2%  Tenure 2-5 years 193 35.1%
Gender Male 283 51.5% Tenure 5-10 years 126  22.9%
Gender Female 229  41.6% @ Tenure 10+ years 53 9.6%
Gender Non- 31 5.6%  Team Solo 298  54.2%
binary
Gender Prefer not 7 1.3%  Team 2-person 149  27.1%
to say
HH Income <20K 74 13.5% Niche Education/Finance/Tech 124 22.5%
HH Income 320-40K 173 31.5% Niche Entertain/Comedy/Gaming 126 = 22.9%
HH Income 340-75K 166 30.2% Niche Fashion/Beauty/Lifestyle 127 23.1%
HH Income 375K~ 94  17.1% Niche Food/Travel/Fitness 100 18.2%
1.5L
HH Income >31.5L 43 7.8%  Niche News/Parenting/Other 73 13.3%

6. Section C: Income, Revenue Streams, And Financial Sustainability
6.1 Monthly Income Distribution

The income distribution findings reveal a stark financial stratification within the urban Indian creator economy
(Figure 5). The largest group earns 35,000—%15,000 monthly (n=146, 26.5%), followed by 15,000-330,000
(n=137, 24.9%). Combining the zero-income and sub-J15K brackets, 51.4% of creators earn below an amount
sufficient to sustain urban Indian living costs (estimated minimum sustaining income ~ 315,000-20,000 in most
sampled cities). Only 25.5% (n=140) achieve the "sustainability threshold" of 330,000 or more, with just 4.2%
(n=23) earning above X 1.5 lakh — the premium creator tier. This distribution closely parallels the Pareto principle:
roughly 15% of creators capture the majority of economic value in the creator economy.
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Figure 5: Monthly Income Distribution from Content Creation (n=550)
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Figure 5: Monthly Income Distribution from Content Creation — with Viability Zone Shading (n=550)

Income by career type reveals that full-time creators (mean ordinal income = 3.77/7) earn marginally more than
hobby creators (3.74) and secondary creators (3.47), though the differences are modest. This counter-intuitive
finding — where full-time dedication does not consistently produce higher income — suggests that income in the
creator economy is more strongly determined by niche selection, subscriber tier, and revenue diversification
strategy than by time investment alone. Income by tenure shows a generally positive trajectory: < 1 year (3.45)
— 1-2 years (3.66) — 2-5 years (3.69) — 5-10 years (3.53) — 10+ years (3.74), with a modest mid-career
plateau effect.

6.2 Revenue Stream Analysis

Borda-count analysis of revenue stream rankings (C2, Figure 6) reveals that AdSense/YouTube advertising
constitutes the primary income source for 53.5% of respondents who rank it first. Brand sponsorships rank second
(16.2% primary), followed by affiliate marketing (14.5%). Digital products and paid subscriptions — rated highest
on viability by domain experts and theoretically the most stable and scalable income streams — remain severely
underutilised, with only 8.0% and 2.7% respectively ranking them as primary sources. This paradox of "knowing
but not using the optimal strategy" is consistent with the financial literacy gap documented in our data (C5: only
40.5% report any formal financial planning), and reflects the structural reality that digital product development
and subscription monetisation require audience sizes typically accessible only to Mid-tier and above creators.
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Figure 6: Revenue Stream Priority — Borda Ranking (n=550)
(Bubble size = % ranking it as primary source)
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Figure 6: Revenue Stream Priority — Borda Count Mean Rankings (n=550; bubble size o< % ranking
stream as primary)

6.3 Income by Content Niche

Niche-level income analysis (Figure 13, Section 10) reveals significant income stratification across content
categories. Parenting content (mean ordinal income = 4.16) and Travel (3.92) achieve the highest average
incomes, followed by Finance (3.84), Gaming (3.82), and News (3.81). In contrast, Fitness creators score lowest
(2.85), followed by Food (3.19). This stratification reflects differential monetisation environments: Finance and
Tech niches attract premium brand deals from high-value advertisers; Parenting content generates strong
community attachment and product purchase intent; Fitness content, despite high engagement, operates in a
crowded niche with low CPM advertisers and primarily female audiences who are heavily targeted by cheap
supplement and wellness brands.

Table 4: Financial Sustainability Indicator Battery — Key Metrics (n=550)

Y%
Financial Metric ° Implication

Adequate

Financial Self-Sufficiency C3 3.10 1.28 40.4% Majority income-
insufficient; dependent on
supplementary sources

Income Stability Co6 3.09 1.25 39.1% Very low stability —
platform algorithm changes
= income collapse risk
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Financial Planning C5 3.13 1.25 40.5% Low financial literacy —
Engagement retirement, insurance, tax
planning absent

Investment-Return Assessment C8 3.09 1.23 39.8% High equipment/tool costs
relative to returns at
Nano/Sub-Nano tier

Payment Delay Impact C9 3.11 1.26 40.9% Systemic brand/platform
payment delays — no
regulatory enforcement

Overall Financial Satisfaction C10 3.14 1.26 39.6% Majority dissatisfied —
primary predictor of quit
intention

7. Sections D: Motivations, Career Intent, And Quit Intention
7.1 Entry Motivation Analysis

Borda-count analysis of entry motivations (D1, Figure 7) provides a rich portrait of the decision calculus behind
entering content creation. Passion for content (Borda score = 298; 72% top-3 inclusion) is the unambiguous
dominant driver, followed by financial independence (256; 61%) and entrepreneurial aspiration (198; 47%). This
intrinsic motivation dominance is robustly consistent with SDT theory (Ryan & Deci, 2000) and indicates that
creators enter the career primarily driven by internal states — creative expression, autonomy, identity formation
— rather than instrumental financial goals. However, the second-ranked motivation — financial independence —
simultaneously signals a strong aspirational extrinsic dimension, creating a tension between identity-driven entry
and income-driven retention that characterises the creator career arc.

Figure 7: Entry Motivation Borda Count Rankings (n=550, Top-3 per Respondent)
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Figure 7: Entry Motivation Borda Count Rankings — Top Motivations for Pursuing Content Creation
(n=550)
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COVID-19 as a career trigger (D10: mean = 3.57/5; 57.6% high agreement) confirms the pandemic as a structural
inflection point in India's creator economy. The 2020—-2021 lockdown period normalised digital consumption,
simultaneously creating both supply-side pushes (job displacement, work-from-home transition, available time)
and demand-side pulls (audience expansion, platform algorithm prioritisation of new content). Flexibility and
autonomy motivation (Borda = 165) disproportionately drives homemakers and freelancers, while entrepreneurial
aspiration (198) is strongest among the 25—34 cohort, aligning with career transition research findings on mid-
career pivot motivations (Super, 1990).

7.2 Career Sustainability and Quit Intention

Career sustainability perception (D6: mean = 3.62/5; 60.4% high) suggests that a majority of creators believe
content creation can be sustained as a long-term career, though this optimism must be contextualised against the
financial data showing 51.4% earning below sustaining income. This gap between perceived sustainability and
actual financial outcomes may reflect either aspiration-reality disconnect, survivorship bias in the active creator
sample, or temporal optimism about future income growth. Quit intention (D4: mean = 3.64/5; 60.4% high) is
concerningly high — indicating that a majority have either seriously considered or come close to abandoning
content creation, with low income (54% of attrition observations), mental health deterioration (38%), and
algorithm unpredictability (32%) as the primary drivers. Business planning (D7: 58.0% high) and skill
development (DS8: 62.5% high — the highest-scoring Likert item in the entire survey) suggest that creators are
cognitively aware of the entrepreneurial dimensions of their career even in the absence of institutional support.

8. Section E: Mental Health, Well-Being, And Psychological Burden
8.1 Burnout Prevalence and Profiles

Creative burnout (E1) is reported at high or extreme levels (scores 4—5) by 52.7% of respondents — a prevalence
rate approaching that seen in high-burnout professions such as healthcare and social work. One-way ANOVA
confirms significant burnout differences across career types (F = 3.279, p = 0.038): Hobby creators (mean = 3.16)
show significantly lower burnout than Primary (3.46) and Secondary (3.54) creators. Secondary creators —
managing both a primary occupation and content creation demands — experience the highest mean burnout,
consistent with work-family conflict theory (Greenhaus & Beutell, 1985) applied to a dual-role context. The
mental health radar profile (Figure 8) visualises all six key indicators, revealing that all scores exceed the scale
midpoint (3.0) and five of six exceed 3.4, indicating a population-level moderate-to-high psychological burden.
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Figure 8: Mental Health Indicator Profile
(Mean Scores 1-5, n=550)

Perf. Pressure Burnout
(E2) (E1)

Psych Burthen Pdsitive WB
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Figure 8: Mental Health Indicator Radar Profile — Six Key Dimensions (Mean Scores 1-5, n=550)
8.2 Burnout by Age Cohort

Age-stratified burnout analysis (Figure 9) reveals the most striking finding in the mental health section: Under-18
creators show the highest burnout prevalence (66.7%) of any age cohort — a finding of significant welfare
significance. This pattern likely reflects the combination of high platform pressure, social comparison anxiety,
low income, and the developmental vulnerability of adolescence. The 18-24 (53.9%) and 25-34 (55.2%) cohorts
follow, while the 35—44 cohort shows the lowest rate among adult segments (44.8%), reflecting the moderating
effect of greater financial stability, life experience, and multi-income household structures. The 55+ cohort shows
the lowest adult burnout (43.5%), consistent with lifestyle-oriented, low-algorithm-dependency content creation.

Figure 9: Creative Burnout (E1 =4) % by Age Cohort
(ANOVA Career Type: F=3.279, p=0.038)

80 q
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Figure 9: Creative Burnout (E1 > 4) Prevalence by Age Cohort (n=550; dashed line = overall average
52.7%)

8.3 Algorithm Anxiety and Platform-Induced Stress
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Algorithm anxiety (E8: mean = 3.39/5; 49.3% high) and performance pressure (E2: mean = 3.48/5; 54.9% high)
emerge as the dominant sources of platform-induced psychological stress. Bucher's (2018) theoretical prediction
— that algorithmic opacity creates chronic uncertainty that manifests as creator anxiety — receives strong
empirical support. The TikTok ban impact score (B6: 57.3% high) and CPM decline perception (B10: 57.6%
high) further confirm that platform policy instability translates into measurable psychological burden. Help-
seeking behaviour (E10) presents a troubling picture: despite widespread burnout and anxiety, only approximately
14% of creators have sought professional mental health support, with mental health stigma rated at mean = 3.8/5
— a structural barrier consistent with Ghatak's (2020) analysis of mental health access barriers in Indian society.

Table 5: Mental Health Indicator Battery — Full Statistical Summary (n=550)

MH Indicator % Low % High >4 Clinical / Research Note

Performance Pressure E2 3.482 1.201 10.4% 54.9% Social comparison —
anxiety feedback loop;
Festinger 1954

Psychological Burden E3 3.502 1.124 8.7% 55.3% Imposter syndrome +

(Composite) audience fear composite
index

Recovery Behaviour E6 3.507 1.168 9.3% 55.8% Majority not taking
adequate breaks from
creation

Creative Burnout El 3.436 1.283 13.8% 52.7% MBI threshold exceeded;
significant by career type
ANOVA

Criticism & E7 3.449 1.190 10.4% 53.1% Negative comments affect

Cyberbullying Impact 43%+ mental well-being
meaningfully

Attention Span Impact E9 3.453 1.207 11.3% 54.5% Self-reported concentration
reduction; Carr 2010
supported

Help-Seeking Behaviour E10 3.429 1.138 9.8% 53.3% Low access: only ~14%
sought help; stigma barrier
=3.8/5

Work-Life Balance ES 3.436 1.176 10.7% 51.3% Majority report inadequate

boundary maintenance

Positive Well-being E4 3.404 1.195 11.3% 52.7% Protective factor: purpose

(Purpose) and meaning from content
creation

Algorithm Anxiety E8 3.387 1.175 11.3% 49.3% Bucher 2018 —

algorithmic power as
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career determinant
confirmed

9. Sections F & G: Market Saturation, Ai Disruption, And Creator Attrition
9.1 Market Saturation Perceptions

The market saturation analysis (Figure 10) reveals a uniformly high-concern landscape, with all nine saturation
indicators scoring above the scale midpoint of 3.0 and all exceeding 3.59, indicating that saturation is not a
marginal anxiety but a pervasive structural perception across the Indian creator ecosystem. Content discoverability
loss (F3: mean = 3.65; 62.2% high) and organic reach decline (F4: mean = 3.65; 60.9% high) top the battery,
confirming that the primary experiential consequence of market saturation is reduced algorithmic visibility — the
platform's primary mechanism for audience acquisition by emerging creators. Al disruption anxiety (F7: mean =
3.65; 61.8% high) constitutes the most rapidly escalating concern, particularly among information-intensive
niches (Education, Finance, News) where generative Al can most directly replicate creator output.

Figure 10: Market Saturation & Disruption Indicator Battery (n=550)
)
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Figure 10: Market Saturation & Disruption Indicator Battery — Full Results (n=550; horizontal bars =
mean score)

A significant and theoretically important finding emerges from the correlation between tenure and saturation
perception: r =—0.116 (p =0.006, n=550). Longer-tenured creators perceive significantly lower market saturation,
suggesting that experience in the creator economy moderates saturation anxiety — likely through developed
audience relationships, niche authority, revenue diversification, and algorithm literacy that provide structural
insulation from the competitive pressures felt most acutely by newer entrants. This finding has pedagogical
implications: mentorship and creator community access that accelerates the development of these competencies
could meaningfully reduce attrition among new creators.

Entry barrier hardening (F2: mean = 3.62; 59.5% high) confirms that the landscape is substantially more difficult
for new entrants than 3—5 years ago, consistent with Long Tail theory predictions (Anderson, 2006) in mature
high-competition markets. Differentiation importance (F8: mean = 3.62; 61.1% high) indicates widespread
cognitive awareness of the strategic necessity of Unique Value Propositions, even if execution is uneven.
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Collaboration as a counter-saturation strategy (F9: 57.3% high) reflects growing awareness of co-creation, cross-
promotion, and community-building as organic reach alternatives.

9.2 Creator Attrition Patterns

Attrition analysis (G1-G10) reveals a concerning landscape of career instability. Peer dropout observation (G1:
48.5% high) confirms that attrition is socially visible — nearly half of respondents personally know creators who
have quit and returned to mainstream employment, creating pervasive attrition normalisation that may reinforce
the perception of the career as unsustainable. Hiatus behaviour (G3: 51.3% high) indicates that a majority of
creators have suspended content creation for three or more months at least once, with burnout and income stress
as the leading reasons. Career viability discovery (G4: 47.3% still uncertain) implies that the majority require
more than 12 months of active creation before assessing career viability — a prolonged uncertainty phase during
which financial support is typically absent.

Table 6: Creator Attrition Factor Analysis — Indicators and Policy Implications (n=550)

Attrition Factor Policy Implication

Peer Dropout Observation Gl 3.342 1.201 48.5% Attrition normalised in creator
networks — systemic issue

Creator Hiatus Behaviour G3 3413 1.229 51.3% 51.3% suspended creation —
recovery support needed

Family Financial Strain G7 3.447 1.175 50.5% 50.5% report income stress
straining family relationships

Career Viability Uncertainty G4 3.322 1.212 47.3% 47.3% still uncertain —
financial runway support
critical

Failure Episode Experience G6 3.369 1.180 46.9% Nearly half experienced
prolonged income failure
periods

Financial Preparedness G8 3.365 1.264 48.0% Majority entered career
financially unprepared

Creator Safety Net Demand G9 3.362 1.190 48.5% Strong policy demand —
creator welfare fund

Peer Success Estimation G10 3.365 1.195 48.2% Majority estimate <25% peers
earn sustainable income

10. Sections H & I: Social Dynamics, Policy Landscape, And Cross-Tabulation
10.1 Family Support and Social Stigma

Social support analysis (Figure 14) reveals a complex ambivalence in family and community dynamics. Mean
family support (H1: 3.29/5) indicates moderate but inconsistent support, with substantial within-sample variance
reflecting divergent family attitudes toward non-traditional careers. Social stigma (H2: 3.26/5; 43.1% high)
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remains a meaningful structural barrier — particularly pronounced for female creators and those from
conservative family backgrounds — consistent with Goffman's (1963) stigma management processes.
Entrepreneurial recognition (H6: 3.26/5) and industry recognition (H8: 3.32/5) are consistently low, confirming
that digital creators occupy a socially marginal position despite their economic and cultural productivity.

Figure 14: Social Support & Community Indicators — H-Section Battery (n=550)
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Figure 14: Social Support & Community Indicators — H-Section Battery Scores (n=550)

A critical compensatory finding: online creator communities (estimated from H3 composite) emerge as the most
consistently positive support source, with subscriber and fan relationships (H3g) rated as highly supportive. This
"social capital compensation" pattern — rich in horizontal platform-mediated capital but poor in vertical
family/institutional legitimacy capital — mirrors Bourdieu's (1986) insights about field-specific capital
conversion challenges. Creator communities function as surrogate professional networks, peer counselling
environments, and knowledge-sharing ecosystems in the absence of institutional infrastructure.

10.2 Policy Awareness and Institutional Demand

Policy analysis (Figure 12, Section I) exposes what this study terms an "institutional vacuum" surrounding the
Indian creator economy. A mere 28.9% of respondents report awareness of any government scheme designed to
support digital creators — falling to approximately 12% when asked to correctly identify specific schemes. This
71.1% policy awareness deficit reflects both inadequate government communication and the near-total absence
of creator-specific policy instruments at the Central government level.

Figure 12: Policy Awareness Deficit & Institutional Demand Scores (n=550)
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Figure 12: Policy Awareness Deficit and Institutional Support Demand Scores (n=550)
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Despite — or because of — this vacuum, creator policy demands are remarkably specific and strong. MSME legal
classification support (I3: mean = 3.67/5; 60.5% high) represents the structurally most significant demand, as
MSME status would unlock access to MUDRA loans, priority sector credit, government procurement, and
formalised employment protections. Creator rights and consumer protection adequacy (I5: mean = 3.66/5; 60.7%
high) and data privacy/IP protection (I7: 3.64/5; 60.5% high) follow closely. Tax policy fairness (I2: mean =
3.60/5) reflects specific frustration with GST on digital advertising revenue and Section 194R TDS applicability
to creator income. The National Digital Creator Association demand (16: mean = 3.55/5; 58.5% high) signals a
desire for institutional collective action capacity.

10.3 Niche Income Analysis and Cross-Tabulation

Figure 13 presents niche-stratified income analysis, revealing a 1.3-unit range on the 7-point ordinal income scale
between Parenting (4.16) and Fitness (2.85) — equivalent to approximately two income brackets. Finance,
Gaming, and Tech niches cluster in the high-income zone (> 3.8), while Entertainment, Food, and Fitness occupy
the lower range. The saturation perception data by niche (Table 7) reveals an interesting inverse relationship:
Parenting (highest income) also reports highest saturation (3.79), suggesting that high-earning niches attract
disproportionate creator entry, raising barriers to income for new entrants even as they remain lucrative for
established creators.

Figure 13: Mean Monthly Income by Content Niche (n=550)
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Figure 13: Mean Monthly Income by Content Niche — Ordinal Scale (n=550; colour codes income tier)

Table 7: Niche-Level Income, Saturation, and Creator Count Analysis (n=550)

G Saturation
Content Niche Income % Share Strategic Insight
Mean
(ord)

Parenting 38 4.16 3.79 6.9% Highest income; rapidly growing;
genuine connection-driven
monetisation

Travel 25 3.92 3.6 4.5% High CPM; post-COVID boom;
production costs intensive

Finance 38 3.84 3.63 6.9% Premium advertisers; expert
positioning critical; AI-disruption
risk

Gaming 33 3.82 3.55 6.0% Sponsorship-dominated; young

audience; Al-resistant creativity
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News 32 3.81 3.69 5.8% High topicality; demonetisation
risk; fact-check requirements

Tech 40 3.8 3.68 7.3% Global reach; B2B crossover;
strong long-form monetisation

Education 46 3.65 3.78 8.4% High saturation; large audience;
strong engagement; Al threat

Fashion 47 3.62 34 8.5% Brand-deal dominated; Reels/Shorts
format; regional growth

Lifestyle 45 3.6 3.53 8.2% Broad appeal; medium saturation;
brand partnership heavy

Comedy 47 3.6 3.34 8.5% High virality; low CPM,;
personality-driven differentiation

Beauty 35 3.57 3.31 6.4% Female-dominated; brand deals
primary; highly saturated

Entertainment 46 3.57 3.72 8.4% Mass appeal; algorithm-friendly;
intense competition

Food 37 3.19 3.7 6.7% Regional strength; lower digital
product potential

Fitness 41 2.85 3.68 7.5% Lowest income; high engagement;

saturated; oversupplied

10.4 Cross-Tabulation: Creator Tier x Monthly Income

Figure 11 presents the cross-tabulation heatmap of creator tier against monthly income. The matrix reveals that
income distribution is broadly similar across tiers in this sample, reflecting the multi-determinant nature of creator
income: niche, revenue diversification, and content quality mediate the tier—income relationship. Sub-Nano
creators are disproportionately concentrated in the 035K income zone, reflecting platform monetisation
exclusion (YouTube Partner Programme requires 1,000 subscribers and 4,000 watch hours). Nano creators (1K—
10K) show a mode at I5—15K, consistent with micro-brand deal and affiliate income but limited AdSense access.
The Micro tier (10K—100K) achieves a broader income spread with the I5—-15K and ¥15-30K brackets most
populated. Mid-tier and Macro creators show rightward income distribution but counter-intuitively do not
dominate the highest income bracket, again suggesting that tier is necessary but insufficient — revenue
diversification strategy and niche premium are the mediating variables.

Figure 11: Cross-Tabulation — Creator Tier x Monthly Income (n=550)
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Figure 11: Cross-Tabulation Heatmap — Creator Tier x Monthly Income (n=550; colour intensity o< cell
count)
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Table 8: Key Statistical Test Summary — Inferential Analysis (n=550)

Variables

Statistic

io?
Sig?

Interpretation

Career Type (3
groups) x Burnout
(ED)

One-way
ANOVA

Saturation
Perception (F1) x
Creator Tenure

Pearson r

Creator Tier
(ordinal) x
Monthly Income
(ordinal)

Pearson r

Descriptive Niche Income
Range (Parenting

vs Fitness)

Descriptive Burnout by Age:

Under-18 vs 35-44

Descriptive Algorithm Anxiety

(E8) by Gender

Descriptive Quit Intent (D4)

by Creator Tier

Income
Sustainability by
Career Type

Descriptive
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F=3.279

r=-0.116
r=-0.029
4.16 vs 2.85

66.7% vs 44.8%

M=3.45|F=3.33]NB=3.29

<1K=3.42|IM+=3.74

FT=38.7%]|Sec=36.5%|Hob=38.8%

p =
0.006

p=
0.493

Hobby <
Primary <
Secondary
burnout;
significant

Longer tenure —
lower saturation
anxiety;
experience
moderates

No significant
simple linear
correlation;
multi-mediated

1.31-unit range;
niche selection
has significant
income impact

21.9pp
difference; minor
creators most
vulnerable

Males report
highest
algorithm
anxiety

Macro creators
show highest
quit intent; scale
burnout

No significant
career type
advantage in
sustainability
rate
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11. Discussion: Theoretical Contributions And Interpretive Framework
11.1 Validating and Extending the Precariat Thesis in the Creator Economy

Standing's (2011) Precariat thesis — describing a class defined by income insecurity, absence of occupational
identity, and exclusion from institutional protection — finds systematic empirical support across multiple
dimensions of this study. The 51.4% sub-sustaining income rate, 39.1% income stability score, 40.9% payment
delay experience, and 71.1% policy unawareness collectively profile a constituency operating in institutional
isolation without financial safety nets. However, our findings also complicate and extend the Precariat framing in
important ways. Unlike industrial precariat workers, Indian content creators exhibit high intrinsic motivation (D2:
3.63/5), strong entrepreneurial aspiration (D9: 3.59/5), active skill development investment (DS8: 62.5% high —
the survey's highest-scoring variable), and psychological purpose derived from creative work (E4: 52.7% positive
well-being). This combination of material precarity and psycho-social enrichment suggests a "Creative Precariat"
subtype — precarious in economic terms but culturally and psychologically engaged, at least among those who
persist through the attrition threshold.

11.2 The Algorithmic Micro-Entrepreneurship Framework

The Algorithmic Micro-Entrepreneurship (AME) framework advanced in this study provides a more nuanced
theoretical account of creator careers than either the entrepreneurship literature's celebratory framing or the critical
labour studies tradition's exploitation narrative. AME acknowledges that creators are genuine economic agents
exercising entrepreneurial judgment in content strategy, revenue diversification, and audience development —
while simultaneously recognising that this agency operates within algorithmic constraint structures that determine
visibility, monetisation access, and income stability in ways entirely outside creator control. The AME framework
integrates SDT (for motivational architecture), Bucher's algorithmic power theory (for structural constraints),
Standing's Precariat thesis (for material conditions), and Bourdieu's capital theory (for social legitimacy dynamics)
into a unified analytical framework for platform-dependent creative careers.

11.3 The Financial Paradox: Intrinsic Entry, Extrinsic Exit

A central theoretical contribution of this study is the documentation of what we term the "Financial Paradox of
the Creator Economy": creators enter driven primarily by intrinsic motivations (passion: 72% top-3; autonomy:
39% top-3) but exit — or are at high risk of exiting — primarily due to extrinsic failures (income inadequacy:
54% of attrition reasons; payment delays: 40.9% experience). This paradox has significant implications for creator
welfare policy: interventions targeting intrinsic motivation (community building, creative development
programmes) will be insufficient to reduce attrition if the extrinsic financial infrastructure remains inadequate.
The policy implication is that both dimensions must be addressed simultaneously.

11.4 The Social Capital Paradox of Indian Creators

A significant theoretical insight concerns the "social capital paradox" of Indian creators: they actively accumulate
social capital through audience relationships (fan support rated highly in H3 composite) and online creator
communities (H3f rated as highest support source), yet simultaneously face social capital deficits in their
immediate family environments (stigma: 3.26/5; family support: 3.29/5) and institutional fields (entrepreneurial
recognition: 3.26/5; industry recognition: 3.32/5). This paradox — horizontally rich but vertically capital-poor —
mirrors Bourdieu's insights about capital conversion and field autonomy. The creator field in India is emerging as
a relatively autonomous cultural field with its own hierarchies and legitimacy logics, but remains subordinated to
dominant social fields that do not yet recognise its forms of capital as legitimate.

11.5 Niche as Strategic Resource

The income stratification by content niche (1.31-unit ordinal range between Parenting at 4.16 and Fitness at 2.85)
provides empirical support for the proposition that niche selection is a strategic resource with measurable income
consequences. This finding aligns with Porter's (1985) competitive strategy theory: niche-level differentiation,
focus strategy, and audience-advertiser alignment are more predictive of creator income than creator effort,
posting frequency, or even subscriber count alone. The finding that Parenting and Finance niches simultaneously
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earn more and perceive higher saturation confirms that premium niches attract disproportionate competitive entry
— a dynamic consistent with resource-based view theory (Barney, 1991) in entrepreneurship research.

12. Policy Recommendations

Drawing on the empirical evidence and theoretical analysis, this study advances six evidence-based policy

recommendations for government, platforms, and civil society. These recommendations are grounded in creator-
expressed demands (12-19; G9), validated by literature precedents, and sequenced by implementation urgency.

P1

P2

P3

P4

Table 9: Comprehensive Policy Recommendations for the Indian Creator Economy

Domain

MSME
Recognition

Tax Reform

Creator Welfare
Fund

Platform
Transparency
Mandate

Recommendation

Amend the MSME
Development Act (2006) to
include digital content creators
as eligible micro-entrepreneurs
with annual digital revenue >
%2.4 lakh, enabling access to
MUDRA loans, priority sector
credit, GST composition
scheme benefits, and formal
self-employment status.

Introduce a simplified creator-
specific TDS regime under
Section 194R, exempt creators
below %10 lakh annual digital
income from full commercial
GST compliance, and establish
quarterly tax assessment
windows aligned with income
irregularity in the creator
economy.

Establish a National Creator
Welfare Fund providing: (a)
income support during zero-
revenue periods (minimum 3
months buffer); (b) health and
disability insurance; (c) mental
health resource access; (d)
emergency support for victims
of platform demonetisation
without appeal outcomes.

Require platforms with >10
million monthly active Indian
users to publish quarterly
algorithm transparency reports

https://kommerstad.org

Evidence Base

13: mean=3.67/5 (60.5%

support); 71.1% currently

excluded from
institutional support;
consistent with EU
Creator Economy
recognition models

12: mean=3.60/5 (59.6%
find current tax policy
unfair); Income Tax Act
misalignment with gig
income patterns

G9: 48.5% support;
52.7% burnout; 40.9%
payment delays; EU
Creative Sector welfare
precedent; YouTube
Shorts Fund model

19: 58.5% support; 18:
58.7% perceive platform
unfair; Bucher 2018

Responsible Actor

Ministry of MSME +
DPIIT + Finance
Ministry

Ministry of Finance +
CBDT + GST Council

Ministry of I&B +
IAMALI + SEBI

MeitY + TRAI +
Competition
Commission of India
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specifying: content ranking algorithmic opacity
factors, demonetisation rates framework

by content category, appeal

outcome data, and CPM/RPM

trend data — modelled on EU

Digital Services Act (2022).

PS5  National Facilitate formation of a 16: mean=3.55/5 (58.5% IAMALI + Ministry of
Creator government-recognised support); no institutional 1&B + Civil Society
Association National Digital Creator body currently exists;

Association with mandate to: trade guild precedent
(1) represent creator interests from EU, UK Screen
in platform policy Nation model

negotiations; (2) establish
standard contract templates for
brand deals; (3) administer
collective grievance redressal;
(4) advocate in legislative

consultations.

P6  Financial Integrate creator-specific C5: only 40.5% engage in ~ Ministry of Finance +
Literacy financial literacy modules into  any financial planning; SEBI + NABARD +
Programme PM Jan Dhan and Startup C10: mean=3.14/5 Startup India

India platforms, covering: financial satisfaction;
income smoothing strategies Lusardi & Mitchell 2014
for irregular earnings, financial literacy impact
retirement planning for self- evidence

employed digital workers, tax
compliance simplified
guidance, insurance options,
and SIP investment for
variable-income profiles.

13. Limitations And Directions For Future Research

Several limitations circumscribe the findings of this study and should guide interpretation and future research
design. First, despite achieving n = 550 — significantly larger than most published creator economy studies in the
Indian context — the sample remains insufficient for subgroup analyses requiring statistical power at the
intersection of multiple demographic variables (e.g., age x niche x creator tier). Future studies targeting n > 1,000
would enable multivariate structural equation modelling and latent class analysis to identify distinct creator
typologies. Second, online purposive-snowball sampling introduces self-selection bias: respondents active in
creator communities may systematically differ from isolated, inactive, or low-visibility creators who are likely
more financially precarious and psychologically distressed. The true population parameters for burnout, income
inadequacy, and attrition may be worse than those estimated from this sample. Future studies should supplement
community-recruited samples with platform-based random sampling of creator profiles. Third, the cross-sectional
design precludes causal inference. The associations between financial sustainability, mental health, and attrition
are correlational; longitudinal panel studies tracking creator cohorts over 3—5 years would provide superior causal
evidence on income trajectories, burnout onset dynamics, and recovery patterns. The tenure X saturation
correlation (r = —0.116, p = 0.006) identified here is a promising candidate for longitudinal investigation. Fourth,
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the study does not capture regional language creators — a large and rapidly growing segment in Bhojpuri, Tamil,
Telugu, Kannada, Marathi, and Punjabi content — whose financial and psychological profiles may differ
substantially from the English and Hindi-dominant sample. Future work should explicitly recruit regional
language creators and examine tier-city x language dynamics. Future research directions include: (1) qualitative
in-depth interview studies with creators who have permanently exited the career, to understand post-attrition
trajectories; (2) experimental studies testing the impact of financial literacy interventions on creator planning
behaviour; (3) platform-comparative analysis disaggregating YouTube, Instagram, and podcast creator
experiences; (4) longitudinal panel studies tracking income, burnout, and saturation perception over 24-month
periods; and (5) employer/brand perspective studies examining the information asymmetries in creator-brand
negotiation and payment delay dynamics.

14. Conclusion

This study has presented the most comprehensive empirically grounded analysis of content creation as an
entrepreneurial career in urban India to date, drawing on a survey of n = 550 active creators across 18 cities, ten
thematic questionnaire sections, 65 Likert variables, and inferential statistical analysis. The findings collectively
portray a creator economy at a critical juncture: economically productive and culturally vibrant, yet financially
precarious, psychologically burdened, institutionally excluded, and structurally unsupported. The financial
viability gap — 51.4% earning below sustaining income — the burnout epidemic — 52.7% reporting frequent
creative exhaustion, significantly varying by career type (F=3.279, p=0.038) — and the policy vacuum — 71.1%
unaware of any government scheme — paint a picture of an entreprencurial ecosystem that has grown beyond the
capacity of its institutional environment. The creator economy is not a niche cultural phenomenon; it is a multi-
billion-dollar industry employing millions of Indians in creative, educational, and entertainment work, yet it
operates without the labour protections, tax fairness, financial infrastructure, or institutional representation that
comparable industries take for granted. The Algorithmic Micro-Entrepreneurship (AME) framework advanced in
this paper offers scholars a theoretically coherent conceptualisation of creator careers that moves beyond both the
utopian "passion economy" narrative and the reductionist "platform exploitation" critique. The AME framework
acknowledges genuine entrepreneurial agency while recognising the structural algorithmic constraints that shape
creator income, visibility, and well-being in ways no conventional entrepreneurship theory adequately captures.
The tenure X saturation correlation (r =—0.116, p = 0.006) provides one of the study's most practically significant
findings: experience moderates competitive anxiety, suggesting that early-stage creator support — mentorship,
community, financial literacy — could reduce attrition rates by accelerating the resilience development that
experience provides. The niche income stratification (range: 1.31 ordinal units between Parenting and Fitness)
demonstrates that niche selection is a strategic resource that creators could be better supported to evaluate before
entry. As India positions itself as a global digital economy leader, the creator economy must be recognised not as
a cultural curiosity or gig-work afterthought, but as a rapidly maturing sector of micro-entrepreneurship requiring
proportionate policy attention, legal recognition, institutional infrastructure, and scholarly investigation. The six
policy recommendations advanced here — MSME recognition, tax reform, creator welfare fund, platform
transparency mandate, national creator association, and financial literacy programme — represent an evidence-
based, creator-demand-validated policy agenda that could meaningfully reduce attrition, improve financial
sustainability, address the mental health crisis, and build the institutional foundations for a thriving, equitable
Indian creator economy.
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